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k1
N2
(VA

. input: | [(None, 784)]
input: InputLayer
output: | [(None, 784)]
A
input: | (None, 784)
layerl: Dense
output: [ (None, 64)

input: | (None, 64) . . input: | (None, 64)
layer2: Dense intermediate_output: Dense
output: | (None, 64) output: | (None, 10)
input: | (None, 64)
final_output: Dense
output: | (None, 10)
=gV
Input: | [(Mone, 32,32, 3}
nput: Inpullover
oulput: | [(Mone, 3. 32, 3)]
input
layerl; Conv2D
oulput:
inpu: | (None, 32, 32,32
layer2: Conv2D
outpul: | (None, 32, 32, 32)
mpat: | (Noe, 32, 32,32)
laverd: MaxPooling2D
catput: | | None, 16, 16, 32)
imput: | (None, 16 16, 32) mpu: | (None. 16, 16.32)
layerd: Conv2D L flatten: Flanen =
outpul: | (None, 16, 16, 64) ol put; (None, R192)
mputs | (None, 16, 16, 64) . input: | (None, 8192)
layers: Conv2D intermediste_output 1: Dense
outpul: | (None, 16, 16, 64) ouiput; iNone, 1ih)

{None, 16, 16, 64)
(None, 8.8, 64)

Sy

nput:

layert; MaxPooling2D

e

oulpul

inpul: | (Node, 8, 8, 64) mpul: | (None, 3, 8, 64)
layer7: Conv2D flanen_1: Flatien
outpu: | (None, 8, 8. 128) output: | (Nome, 40596)
mput: | (None, 8.8, 125) mput: | (None, HK)
layerf: Conv2D inmermed iate_output2: Dense
output: | (Nene, 8, 8. 128) output: | (MNone. 10)
mpuk: | (None, 8, 8, 128)
layerd; MaxPooling2Dy
output: | (None 4,4, 128)
input: | (Nose, 4. 4. 128)
Matten_2: Flahen
oulpul: { None, 2048)
) input: | (None. 2048)
il _ovutpait: Dense =
outpul: | (None, 10)
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